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Qualité des données et contextes d’usage

R É F É R E N C E

Hagendorff, T. (2021). Linking Human And Machine Behavior: A New Approach to Evaluate Training Data Quality for Beneficial Machine Learning. Minds and 
Machines, 31(4), 563-593.



La problématique de la qualité des données 
concerne l’ensemble du processus :

- Jeu de données en entrée

- Représentation du modèle

- Evaluation et précision

- Recherche du meilleur modèle

R É F É R E N C E S

Kläs, M., & Vollmer, A. M. (2018, September). Uncertainty in machine learning 
applications: A practice-driven classification of uncertainty. In International 
conference on computer safety, reliability, and security (pp. 431-438). Springer, 
Cham.
Ayodele, T. O. (2010). Machine learning overview. New Advances in Machine 
Learning. InTech, 2.





R É F É R E N C E S

Lantz, B. (2019). Machine 
learning with R: expert 
techniques for predictive 
modeling. Packt publishing ltd.
Kim, M., Zimmermann, T., 
DeLine, R., & Begel, A. (2017). 
Data scientists in software 
teams: State of the art and 
challenges. IEEE Transactions 
on Software Engineering, 44(11), 
1024-1038.

Source: https://www.mdpi.com/2571-9394/3/1/12/htm

https://www.mdpi.com/2571-9394/3/1/12/htm


R É F É R E N C E S

Gudivada, V., Apon, A., & Ding, J. (2017). Data quality considerations for big data and machine learning: Going beyond data cleaning and transformations. International 
Journal on Advances in Software, 10(1), 1-20.
Gupta, N., Patel, H., Afzal, S., Panwar, N., Mittal, R. S., Guttula, S., ... & Saha, D. (2021). Data Quality Toolkit: Automatic assessment of data quality and remediation for 
machine learning datasets. arXiv preprint arXiv:2108.05935.
Gupta, N., Mujumdar, S., Patel, H., Masuda, S., Panwar, N., Bandyopadhyay, S., ... & Munigala, V. (2021, August). Data quality for machine learning tasks. In Proceedings
of the 27th ACM SIGKDD Conference on Knowledge Discovery & Data Mining (pp. 4040-4041).

Cycle de vie des données en ML



R É F É R E N C E S

Lease, M. (2011, August). On quality control and machine learning in crowdsourcing. In Workshops at the Twenty-Fifth AAAI Conference on Artificial Intelligence. 
Northcutt, C. G., Athalye, A., & Mueller, J. (2021). Pervasive label errors in test sets destabilize machine learning benchmarks. arXiv preprint arXiv:2103.14749. 

Données bruyantes et crowdsourcing



R É F É R E N C E S

Polyzotis, N., Roy, S., Whang, S. 
E., & Zinkevich, M. (2018). Data 
lifecycle challenges in 
production machine learning: a 
survey. ACM SIGMOD Record, 
47(2), 17-28.
Foidl, H., & Felderer, M. (2019, 
August). Risk-based data 
validation in machine learning-
based software systems. In 
proceedings of the 3rd ACM 
SIGSOFT international workshop 
on machine learning techniques 
for software quality evaluation
(pp. 13-18).



Données de formation biaisées

Source: https://www.propublica.org/article/machine-bias-risk-assessments-in-criminal-sentencing

R É F É R E N C E

Miceli, M., Posada, J., & Yang, T. (2022). Studying Up Machine Learning Data: Why Talk About Bias When We Mean Power?. Proceedings of the ACM on Human-
Computer Interaction, 6(GROUP), 1-14.

https://www.propublica.org/article/machine-bias-risk-assessments-in-criminal-sentencing


Source: https://www.nytimes.com/2021/03/19/business/resume-filter-articial-intelligence.html

https://www.nytimes.com/2021/03/19/business/resume-filter-articial-intelligence.html


Rareté des données (data sparsity)

Source: https://towardsdatascience.com/deep-dive-into-netflixs-recommender-system-341806ae3b48

R É F É R E N C E

Hair Jr, J. F., & Sarstedt, M. (2021). Data, measurement, and causal inferences in machine learning: opportunities and challenges for marketing. Journal of Marketing 
Theory and Practice, 29(1), 65-77.

https://towardsdatascience.com/deep-dive-into-netflixs-recommender-system-341806ae3b48




2.

Cas d’usage: 
journalisme et automatisation

P R O D U C T I O N  
A U T O M A T I S É E  
D ’ I N F O R M A T I O N S

F A C T - C H E C K I N G  
A U T O M A T I S É



Adéquation aux usages journalistiques 

- Un framework adapté pour l’évaluation 
de la qualité des données

- Basé sur la littérature scientifique,
dont notamment les travaux 
d’Isabelle Boydens

- Evaluation en trois temps

Objectifs: pertinence et prévention des erreurs

R É F É R E N C E

Dierickx, L. (2017, November). News bot for the newsroom: how building data quality indicators can support journalistic projects relying on real-time open data. In 
communication présentée à Global Investigative Journalism Conference, Academic Track, Johannesburg, South Africa.



Relever le challenge technique



Relever le challenge journalistique



Relever les challenges technique et journalistique









Ressources: https://difusion.ulb.ac.be/vufind/Author/Home?author=Dierickx,%20Laurence

https://difusion.ulb.ac.be/vufind/Author/Home?author=Dierickx,%20Laurence


Source: https://dzlab.github.io/ml/2020/07/25/gpt3-overview/

R É F É R E N C E S

Brown, T., Mann, B., Ryder, N., Subbiah, M., Kaplan, J. D., Dhariwal, P., ... & Amodei, D. (2020). Language models are few-shot learners. Advances in neural information 
processing systems, 33, 1877-1901.
Floridi, L., & Chiriatti, M. (2020). GPT-3: Its nature, scope, limits, and consequences. Minds and Machines, 30(4), 681-694.
Zhang, M., & Li, J. (2021). A commentary of GPT-3 in MIT Technology Review 2021. Fundamental Research, 1(6), 831-833.

https://dzlab.github.io/ml/2020/07/25/gpt3-overview/


Fact-checking automatisé

Recherches considérant les usages finaux

Recherches considérant le contexte journalistique

Ressource: https://datalab.au.dk/nordis

https://datalab.au.dk/nordis


Un besoin de confiance

Source : Unsplash



Un besoin de fiabilité

Source: https://github.com/Cartus/Automated-Fact-Checking-Resources

https://github.com/Cartus/Automated-Fact-Checking-Resources


Un besoin de précision

Source: https://github.com/Cartus/Automated-Fact-Checking-Resources

R É F É R E N C E S

Pathak, A., & Srihari, R. K. (2019). BREAKING! Presenting fake news corpus for automated fact checking. In Proceedings of the 57th annual meeting of the association 
for computational linguistics: student research workshop (pp. 357–362).
Haouari, F., Ali, Z. S., & Elsayed, T. (2019). bigIR at CLEF 2019: Automatic Verification of Arabic Claims over the Web. In CLEF (Working Notes).
Adair, B., Li, C., Yang, J., & Yu, C. (2017). Progress toward “the holy grail”: The continued quest to automate fact-checking. In Computation+ Journalism 
Symposium,(September).

https://github.com/Cartus/Automated-Fact-Checking-Resources


3.

Cas d’usage: 
text et opinion mining

sciences humaines et sociales B I G  D A T A / N O S Q L
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S E N T I M E N T S



R É F É R E N C E S

Molina, M., & Garip, F. (2019). Machine learning for sociology. Annual Review of Sociology, 45, 27-45
Grimmer, J., Roberts, M. E., & Stewart, B. M. (2021). Machine Learning for Social Science: An Agnostic Approach. Annual Review of Political Science, 24, 395-419.

Source: https://www.stratechi.com/deductive-inductive-logic/

https://www.stratechi.com/deductive-inductive-logic/


R É F É R E N C E S

Ridzuan, F., Wan Zainon, W. M. N., & Zairul, M. (2022). A Thematic Review on Data Quality Challenges and Dimension in the Era of Big Data. In Proceedings of the 12th 
National Technical Seminar on Unmanned System Technology 2020 (pp. 725-737). Springer, Singapore.
Elouataoui, W., Alaoui, I. E., & Gahi, Y. (2022). Data Quality in the Era of Big Data: A Global Review. Big Data Intelligence for Smart Applications, 1-25.



Source: Pixabay



Source: https://www.rdocumentation.org/packages/rtweet/versions/0.7.0

https://www.rdocumentation.org/packages/rtweet/versions/0.7.0


Nettoyage et préparation des données

Source: https://github.com/laurence001/mixology

https://github.com/laurence001/mixology


Limites des contenus publiés sur Twitter

1. Le texte n’est généralement pas bien formé en termes de grammaire, de structure 
et de formalité du langage naturel ;

2. il n’y a pas d’harmonisation orthographique et certains termes peuvent donc 
présenter plusieurs orthographes différentes ;

3. l’usage courant d’abréviations ne répond pas toujours à une logique de 
standardisation ;

4. les mots argotiques ou jargonnant ne sont pas nécessairement inclus dans les 
lexiques destinés à l’analyse de sentiment ;

5. des termes non liés au domaine d’application ajoutent du ‘bruit’ aux contenus ;

6. le contexte n’est pas toujours bien défini ;

7. les tweets peuvent contenir des arobases, des noms d’utilisateurs, des 
émoticons, des hashtags, des hyperliens mais aussi du contenu non textuel. De 
plus, plusieurs opinions peuvent se côtoyer dans un seul et même tweet.

R É F É R E N C E S
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Bandyopadhyay, S., & Feraco, A. 
(Eds.). (2017). A practical guide 
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Deng, S., Sinha, A. P., & Zhao, H. 
(2017). Adapting sentiment 
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study on sentiment analysis 
based on text mining and Deep 
learning for predictions in Stock 
Market trends through social and 
news media data. International 
Journal for Research in Applied 
Science and Engineering 
Technology, 9(10), 1589–1593. 
Kumar, A., & Sebastian, T. M. 
(2012). Sentiment analysis on 
Twitter. International Journal of 
Computer Science Issues (IJCSI), 
9(4), 372.
Martínez-Cámara, E., Martín-
Valdivia, M. T., Ureña-López, L. 
A., & Montejo-Ráez, A. R. (2014). 
Sentiment analysis in Twitter. 
Natural Language Engineering, 
20(1), 1–28.



Source: https://www.rdocumentation.org/packages/textclean/versions/0.9.3

https://www.rdocumentation.org/packages/textclean/versions/0.9.3


R É F É R E N C E S

Fox, C. (1992). Information retrieval data structures and algorithms. Lexical Analysis and Stoplists, pp. 102–130.
Fox, C. (1989, September). A stop list for general text. In Acm sigir forum (Vol. 24, No. 1-2, pp. 19-21). New York, NY, USA: ACM.
Lo, R. , He, B., & Ounis, I. (2005, January). Automatically building a stopword list for an information retrieval system. In Journal on Digital Information Management: 
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Saif, H., Fernández, M., He, Y., & Alani, H. (2014). On stopwords, filtering and data sparsity for sentiment analysis of twitter.
Wilbur, W. J., & Sirotkin, K. (1992). The automatic identification of stop words. Journal of information science, 18(1), 45-55.



Ressource: https://journodev.tech/lanalyse-de-sentiment-ou-levaluation-de-la-subjectivite/

https://journodev.tech/lanalyse-de-sentiment-ou-levaluation-de-la-subjectivite/


Construire un lexique spécialisé

Ressource: https://github.com/laurence001/mixology

https://github.com/laurence001/mixology


Conclusions et perspectives 
pour la recherche



Source: https://hbr.org/2018/04/if-your-data-is-bad-your-machine-learning-tools-are-useless

https://hbr.org/2018/04/if-your-data-is-bad-your-machine-learning-tools-are-useless


De nombreuses perspectives pour la recherche

- Stratégies de maintenance de la qualité des jeux de données annotés

- Définition d’indicateurs de qualité pour chaque étape d’un processus ML 

- Définition de prévention des erreurs et des méthodes de validation de la qualité des données

- Gestion et maintenance de la qualité des données non textuelles

- Gestion et maintenance de la qualité de données issues de sources multiples

- Gestion de l’incertitude de résultats affectés par le niveau de qualité des données

- Problématique des données générées par les utilisateurs (crowdsourcing, big data)

- Focus sur les cas d’usages et besoins des utilisateurs finaux



Merci pour votre 
attention !


